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Long term time series analysis and prediction of waves at Hainan offshore
zone based on Prophet algorithm

Huang Xinyu', TangJun', Wang Xiaoyu'

(1. State Key Laboratory of Coastal and Offshore Engineering, Dalian University of Technology, Dalian 116023, China)

Abstract: In recent years, various artificial intelligence algorithms based on big data have gradually emerged and
have been applied in short-term time series wave forecasting. Based on the measured time series data of hourly
waves in Hainan offshore from 2015 to 2019, a prediction model for long-term time series waves of Hainan off-
shore based on Prophet algorithm is established in this paper. The daily, monthly and annual variation characterist-
ics of waves in Hainan offshore from 2015 to 2019 are analyzed, and the waves in Hainan offshore in 2020 are pre-
dicted. The results show that the predicted values of wave height and period by prophet algorithm model are in good
agreement with the measured values. Prophet algorithm model can be effectively used for long-term wave character-

istic analysis and time series prediction.

Key words: coast and offshore; water wave; Prophet algorithm; big data; artificial intelligence
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